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Building Al-native innovation system to drive transformation and

innovation in research organization and management models

HONG Xuehai
(Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100190, China)

Abstract  Artificial intelligence (Al) is profoundly reshaping research paradigms. This study aims to analyze the intrinsic
mechanisms through which Al empowers scientific research and its impact on the organizational management models of research. By
summarizing what Al can and cannot do in empowering research, it reveals the current effectiveness and capability boundaries of Al in
this domain. Based on the extraction of common core conditions for Al-empowered research and the deconstruction of typical cases of
Al-enabled research organizational models, this study analyzes the differences between the organizational management model of Al-
empowered research and traditional research organizational models. Furthermore, it proposes three major contradictions that need to be
resolved in Al-empowered research: organized research vs. free exploration, platform-based supply vs. personalized demand, and
intelligent research productivity vs. traditional research management systems. Finally, the study preliminarily proposes the mechanisms
and pathways for building an Al-native scientific research innovation system and for promoting the transformation and innovation of
research organizational management models.

Keywords artificial intelligence, research paradigm, scientific organization management, Al-native, innovation system
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