AR
DER IR

www.sciengine.com/CSD
ISSN 2096-2223
CN 11-6035/N

OPEN 8ACCESS

GR

CEk CSTR:
32001.14.11-6035.¢sd.2025.0092.zh

d

I Ek DOI:
10.11922/11-6035.¢sd.2025.0092.zh

38 DOI:
10.57760/sciencedb.25099

SRR S ITEHRERA
kS HER: 2025-05-19

FHBEH: 2026-02-10
% FHBHI: 2026-02-27

* o aa A

7 maning@xbmu.edu.cn

+u
AMCK: HEXES RERBNSFE4EF SKRFTAR
HiEE

2XAL IHF HEF 2, L

L HARAKRT, FFHIMNHFRFHRELLRE, 20 730030

2. MARAKAKS, Hlil R&AES I RELELEZELLRE, 2N 730030
BE: JETHA (LLM) X3 E Ke9i2est ), AARE%Y 5RFRLEM
= 8RR e AT AT AT IZAR B S R LA RO SR AR X AR B A LK, A
T @ @ LLM #OA 69 R F % & 5 4R 5k 4 iR 208 % AMCK  (Automotive
Maintenance and Care Knowledge Dataset for Large Language Model Fine-Tuning) .
HFEERRTZE —ARARNAEMXME (WAEIR. BEFF) REA
ER P EA N AF A B ARRFF O R SRIE, 285 gRFotiikE
SU, HAFH AR REH, R AR E TAAB I8 £ kiE 4 & AutoMaster,
BAAFEMMER . RIFETFH % TEAFREF iR, R BIEH %5 &S
RBIERBATY L, B L5 AMNHIE. R& 5k 43962 3t 4 4, A JSON
# X A4, @84 A Wt 3 ANBK. AMCK #3857 A 1E A LLM @47
AE B RGO HOREIE, LFFMBEIREER, TS LLM £ F 45k
&5 52 IL A A 6938 SUIR A A LT SE 9k R, RIVAERFRRIRS KT
REBW: XGESTHEAR,; MR, ARGy, AEKRE; HEE

iR () EXESEHN

HIEE (£ £ AMCK: T [ KE 5 BB VR B 4E 3 S5 (R A iR SR 4
BIEEEIEE 55 (maning@xbmu.edu.cn)
HiEEE R FAHFE MY, 5T
HEE 87.9 MB
HEkk R * json
B RS RGP https://doi.org/10.57760/sciencedb.25099

Ex HRBIEIES (62466052) 5 PHALE M K2 e m ke S A R}
WSS /LT LTE (31920250008)

EHEWH

B AE AL FE43,962 50 JSONMS XA, B —ZKISONXT R B &34 8

P, 75

HEE () A

| Ajinstruction. inputFloutput.

KB A (Large Language Model, LLM) DL 58 K 1S & FEAR 5 2E Bl RE
AT BT 2 AR REP R et LR IEAE s e, LLM 72

T ERIEHAE, 2026, 11(1) |1


mailto:6105112@qq.com
https://doi.org/10.57760/sciencedb.25099

Csa) AMCK: M RXKIEFEMMARREED SRFAREESE

esfEE 299

IREEAESIRIT T TR FH A 52 R ER . BT REEB IR Z 0 LTk EniR, LLM Rt N4z A\ i
PEAERA R R IZ W RIE, AEFESE MR RTE TR, RIS IRFEIE B4,

TEIRELE Yy, BT ARG . W WS BE AR T TT & fERFRI b, AL i
PRIEE T H It Je g AR IR 0 B AR 77 18 4 o {HE F KR AR AL B IX S 57 0l 55 B, 38 SRR
AHESLAI 7 T Re ST BAE . FERPEIZHTIATT, BT XREARTE R A i 3 R B AN, A
BRI REAE BRI FEAE IR TR DN, SORTREDR GV S AT AR RR . R BE i M 4B fs Tt 1 &
FRORHK, 25 5y IR SR Bl ORI FEE 1B L, 36 i 6 it 1) = 22 JER PRI E - R = & VR 4R 4E B N
PR TR 5 oL S O A AR . IR AR S ORIR IR Lok ks, T AR AR, AT U
AR SRR E A IR, 2 BRI 1 B AR IR ZEAH AT 55 i B R IR L i 77 B,

o B O A8 S B R E T LM B A R 8 SO KV A PERE ST o i o B A e 8 5] A A
1A L JE AR AR A B, (I HE N T RS 5. A RER 4T S5 IRFRA
PR, R T RKE S R OA B 42 AMCK (Automotive Maintenance and Care Knowledge Dataset
for Large Language Model Fine-Tuning) . 183 2 o7 AR SR, LBdsls K BUREdE, 45617
B RmERE s R ERdE, Fed 2 ERAAAN TR . AMCK a4 n 2 LLM $et=F5 .
B AR R A SR b S 3 SR IR, B 05 5 RSN oA ) SO DA S 5 BEAT A8 A A
Wr, HESTER ARG RBAELES RIF R Z e S EREH .

L1 BERe

KB AITE =7 IREMRATT M RS IR IR DRRUR A T I L if R
ERE DL KR P 8 1 5 SR Al TR R0, SRR RE AN 1 P

RISEFRFER
(s T VU >E >8R/
(= = L
ST > =2 2 U= > @_) /

[FRREUE RS ERIBIL ATz S
[£])
HRER
1 HeERERERE

Figure 1 Data collection flowchart
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Table 1 Examples of automotive website data
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Table 2 Dataset comparison
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Table 3 Examples of data sample processing
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Table 4 Examples of data augmentation
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Table 5 Dataset category distribution
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Table 6 Sample examples in the dataset
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Table 7 Evaluation of model performance before and after training
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AMCK: A dataset of automotive maintenance and care knowledge
for large language model fine-tuning

WU Wenshe!?, WANG Youqi*, NAN Zhe 2, MA Ning'?"
1. Key Laboratory of Linguistic and Cultural Computing Ministry of Education, Northwest Minzu
University, Lanzhou 730000, P.R. China
2. Key Laboratory of Minzu Languages and Cultures Intelligent Information Processing, Northwest Minzu
University, Gansu Province, Lanzhou 730000, P.R. China
*Email: maning@xbmu.edu.cn (MA Ning)
Abstract: Large language models (LLMs) have considerable potential for application in the field of
automotive maintenance and servicing thanks to their powerful generalization capabilities. This study
addresses the current shortage of high-quality structured fine-tuning data in this field by constructing the
AMCK (Automotive Maintenance and Care Knowledge Dataset) for fine-tuning large language models.
The data sources are classified into three types. First, automotive maintenance information requests posted
by real users and question-and-answer data related to automotive maintenance scenarios were collected
from domestic automotive websites (such as the AutoHome and the DongCheDi); noise was filtered out
and semantic content was refined to ensure the validity of the samples. Second, the publicly available
AutoMaster professional corpus in the field of automotive engineering was integrated, which includes
knowledge on car brand types, maintenance manuals, maintenance process standards. Third, data
augmentation techniques were used to expand the dataset, incorporating more diverse data. In the end,
43,962 high-quality samples were selected and stored in JSON format, comprising three attributes:
instruction, input, and output. The AMCK dataset can be used for fine-tuning LLMs in automotive

maintenance and repair tasks. Its rich domain-specific knowledge samples enables LLMs to achieve more
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accurate semantic understanding and more reliable decision-making reasoning in automotive services,

thereby enhancinag the level of intelligent automotive services.

Keywords: large language models; fine-tuned; automotive maintenance; automotive care; dataset

Dataset Profile

Title

AMCK: A dataset of automotive maintenance and care knowledge for large language

model fine-tuning

Data corresponding author

MA Ning(maning@xbmu.edu.cn)

Data author(s)

WU Wenshe, WANG Yougqi, NAN Zhe, Ma Ning

Data volume

87.9 MB

Data format

* json

Data service system

https://doi.org/10.57760/sciencedb.25099

Source of funding

National Natural Science Foundation (62466052); Fundamental Research Funds for the

Central Universities of Northwest Minzu University (31920250008).

Dataset composition

The dataset includes 43,962 data entries in JSON format, with each JSON object

containing three attributes: instruction, input, and output.

www.sciengine.com/CSD | 12


mailto:6105112@qq.com
https://doi.org/10.57760/sciencedb.25099

	专题
	AMCK：面向大语言模型微调的汽车维护与保养知识数据集
	AMCK：面向大语言模型微调的汽车维护与保养知识数据集
	引  言                                              
	1  数据采集和处理方法                                      
	1.1  数据采集
	1.1.1  汽车网站真实用户语料
	1.1.2  整合汽车领域公开语料库
	1.1.3  数据增强语料

	1.2  数据处理

	2  数据样本描述                                         
	3  数据质量控制和评估                                      
	3.1  数据质量控制
	3.2  数据评估
	3.2.1  数据长度分布评估
	3.2.2  实验评估及结果分析


	4  数据价值                                           
	5  AIGC使用说明                                       
	致  谢                                              
	数据作者分工职责                                          
	参考文献                                              
	论文引用格式                                            
	数据引用格式                                            


