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FEBARAME A, A HEAOL AN REAL SR FIE HY C O R TR it 5T 7™ 5 1) 2 22 3 B,
W& E R AL B AL & S Uk R e, 2 SR B s BoR ca e ARk AR 7 1 B sh ik id fe
B 0 R AR R SRR . RBE 2K o ER U DU R A B VAl S5 5 1T iR
REBSIR Bt TR IN ik, AR KR i 1 AR ARS8 BT 6,

E IR FH K ARSI 7 iR AN B S D9 TH AL SRR At 1 55 K A, (HE A TERy € M B
AEAERR ] o Rp A RAEARNL UK, TR 2 AR A E Y RO RS Rk, 38 D59 e TG ik BTG
BEAh, B AR B SR AE R A B RS I R, T B S S AR B 2 T RE S LA A 2 A s B
A BEIRAG A RO,

RIE, LT x S 0 Hh & 7 2835 2 00 Bl S8 e s S8 4 st R RO 5K EAMY
AT DASR e RS F) TR AN R, 3 R LA D 78 S A% (e R P i, e R L TN o
TRIRIRAR g O S 02151, B M S IO 1) 0 B A SRR BOR _EAT BRIk ke, (BB AE 2R
W E AN SE R B AT SO AR = . AW I B AR DL TR 2 RS A B sl BdE %, %
HARtELE G T RGB MRS 2 MRS BB E R, DGR Fa AN TR A
KA AR ARE 7o I B AN FIEASHIE R, T DUSE A it il BE B SRR AR AL, B A U0 PR HE T
PERVEFEE . BRAN, BRI SR AT B TS 2 S BB AR DB AR AR U S A A
&, ARTTEN R Bt — M ARAEALIIAROT AT & o IRABGE RIS A TL, 2 8 AL
R EZOP IR I AHTTERNRNTT R, A TR RE S AR b ATy SR D7) S A B B M 22 5 A 2 o

1.1 HEREH B

P MR G ME T ZRAE ST RFEER T F it Bl RER H 2 2024 4 1
s RIS H Kinect DK VR FZHINLIASE M 28 s, MR IREN B & BRI 1 o,
Hla R Azure Kinect IR FLHINIEARVERES BUNZR | Pron. MANURER A0 M L& 2 o,
FANLEE BIKR 30 - 60 JEOK, 70 NIERTTT « 22877+ ATHT 75 A0 EJ7 fAediliite. N RAERHR AR A
ZREME, EHEAAFN B AFRDEIRSEAET, AR SR M T R R AT IR, & AL

At R HEEH 16625 5K H A G .

7 microphone array

(a)iREAVL Azure Kinect DK
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B FEEFME X Digital strawberry-growing are
B1 BERRRRESKENE

Figure 1 Image acquisition equipment and data collection environment

# 1 Azure Kinect JREHHIERERESH

Table 1 Basic performance parameters of the Azure Kinect DK

=g e HRESH
S UTE 30FPS
RGB ##Lo 83 RES_1080P
IR NFOV_2X2BINNED
LSM6DSMUS/1.6kHZ

B2 mBAESERE
Figure 2 Illustration of photographing angles
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1.2 FEAE S5hRE
1.2.1 ¥\EHAHE

B FIAL P A R R AR B ) SR IR Fe (e id & R BB B A M D B . A B SR (1 Tk
H R HE MU SR BUEIE BT T R U R B R B R A AL 5520 B NEUR L 2 B RGB
BRI EGMLANEE, I Pykda TEARZEEGMASNEAG S RGB BIEIEAT X d1 1%
BB AL R IO RLER EE N 16 bit, SRR 1 MR B0 75 23T 18 2 (AR B, R0t 55 5 IR B R
ANZLANEG N 16 bit Fefe oy 8 bit, FFHE T A ERERAF 9 PNG R O 1 DRESCHR (¥ s A0 — S5t
XHRHUR B BT BUR AL AL B, B PREE L ERTC NS el . BRI A . A S S AU
BME, REREOE B ORI R, o BT IE 2 R am A B, R B RE . MR, DL
REBER— 2k, RJE AR BRI — € 19 5 U ORAE . DUE R SEIARIEATE ] .

122 ¥AEbnE

AR AR R A B S 1 MR EAT HARbRVE, A2 T INGRATIAK ARV SO o AHIF TR FH DT HE
PRERJTVE, ARG F AR AT AR . AR, REBGRERI A W= EOIRESE B, 43l g
R (green strawberry) « H% (white ripening) PLEZLH (ripe strawberry) o R ) 8 B 287 1) B A
WoNEEL, AR B AR AT AR M, BRI 70%0 , (814 2] K4 9F & FH 845
e, WCRERPARE N R HABECRKT 70%, HE2ILLAMEIRN, FrE A S mw
R RO, bR WK 3. K4 PR, B Labellmg TH, @M XS K& H
B REEAT T 3R, AZR YOLO & N HIARE SO o AR5 4350 7 T shhn i s H 111125 YOLOv8n
AL, I a BB AL T AR A B 5 B, R NSRS RS AT W20 0 B ASE I, AR BbniE 3¢
o KA BRI SO AT N TARIE, A ORARE I HERR I o 55 K A B A RR IS 1 S E A A AR
SR AEIR — T8 ARG AT A, T 0 5 S s A 2

B3 Labellmg TEIFLERIFE
Figure 3 Strawberry labeling using the Labellmg tool
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B 00465104 0.4807410.139583 0318519

10.268220 0.214815 0.148958 0338889
20.158073 0.266204 0125521 0,239815
20.262760 0.440278 0.118229 0.249074
20.628385 0408796 0.064062 0.126852
20.355208 0.499537 0.058333 0112037

2 s ’
DAXQIVOCZ007,PEGilmages\ 01026 g
CAXQTWOC200T\PEGimacer 0027 0na

B4 BERFEEERES
Figure 4 Strawberry dataset labeling file

. A g '\ w AP
) ‘ p
¥ '3 - \ il S |
- :

4 *‘ 7 -
oA ripe strawberry 0.93 ’ !
. ripe strawberry 0.97 :

a—
ripe strawbern 0.86
i" 3

B s HERBPHR

Figure 5 Model prediction results

ZS R STV RIPIS AR5 S SOt K LI il U6 P 2 S S S N e P SN
BURIHREA (8] 474 — € I TARESEYE, RIS BRI  OLIRBEH prig 25 B B AT st A2t
R 6 s BRI IR TR R E O 7R M AME A S M R IR, HI sl SRS
FEABA SRR Z e ESRHT i s AL T SO Se S e gk, I sl A ) H AR S LRk
NALKIERRYE, SRTHZALREST; YOLO &5 H A T A i iod Hodie 1 o 2 a7 = AR, Hol
SR 5L SR TMNLIGUE AR PR RE, DRI (RS EA 2 B E

Bl S m EEAE &7 AP g KU ZE R 1T A RTEIT
f, Pl S R R IR, X S — B S BIRAE 4 R, DR & H i e)5E [ Dy
B HERE 4 AR, Fa2EERG H AR e & = 2SN BB EdE: RGB KA.
REEERBMLANEG . BE Rl T R AFRE R B (BN ERE . 20 A R LI %)
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TEARFE EHARZAE T OB, W65 FIEGFA . A EKI BRI E R =MEENEE,
FEBHA YOLO #% X BARvE S

RN S AL AW 2 Fios.

R2 HEESHALER
Table 2 Organization of dataset files

BELES F IR BIRISCAF AL ORI
RGB/*.png HaEaEB
Depth/*.png HRIREEB
Strawberries
Infrared/*.png R HMEG
Annotations-YOLO/* txt YOLO g xUbmid 3 14
2.1 EBHEREL

N S PR R 2 AR TR A R K B R R AR R AT VR R B S R 52K
SURIREA B B GRS AR . 5, O T AEEOR R A& A R A L7 55 BRATTR B R A
TARFRAREAE, WP P APl AL IR AL L. IR,
AR, sl 6 fron. AT AP %, £/ 7 A PTRER - A, BdEERE T AR E
POLRERAET OBDL. Wes) MIEEBREA, Wil 8 fin.

—

P

Be6 ANFEMBAETHER

Figure 6 Strawberries captured from different viewing angles
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()RR MLRMER () HFRMER

7 AREKH B REAE

Figure 7 Strawberries at different growth stages

(b)iF e

8 AFEBMEEFMET HEGFEA

Figure 8 Sample images under different natural lighting conditions

HARE A S RGB. IR =P 1 B AR, WG T BEREE AR A KB BG4 T
M2 RAREA . X ESFEA AR A OB AL SRRt T E B EE R, A EIER S I i
SE T HER o AT I EUEL A AN [ A R AR I SR A AR A R, i TN IR

(1) RGB E1GFEALIE 9 Fim. SCHFRAL: fpng: 48HEE: 1920X 1080 1425 U K/N: 3.59
MB; filfiid: ZREAB T RITEEET, B ER T =FA R b g A s, Rar5 st 2
X B, A5 TR TR A AN o

la® 4

B9 RGB BG4
Figure 9 RGB image sample

(2) R E G FEAR G 10 ATas o SO *pngs 70355 640X 576 155 A K/h: 117 KB;
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iR : XFRN T RGB UG MR MR, e 1 B == a4 & AT BE 55 B, Refs 5 B Ay B g B
W =4E458), T KRB Azure Kinect SDK ¥ F T. B A ) Azure Kinect Viewer 27 32 EURAS .

E10 REERGHEE
Figure 10 Depth image sample

(3) LLANERMGREAR LI 11 fiom e SCH2EAY: /* png: 0 HER: 640X 576 15 U K/N: 355 KB;
k. AMNEUGIRME TR TFHEMREFIRENIIMEE, RES5ERAMENZRHE, HTE%
H FrAsr i (1) &4 1

B aihERRA

Figure 11 Infrared image sample

PA_E 285 R et AR AR 7 1 SR AN R A B BOMUAS [R] B AR %A R B R R R A, B AR
ARG TR VE o I IXEEREAS, B2 AT LATE ) T MR SR I S TN 7%, (1 BN P Bt 45
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22 FEHIEREA

N T R FLAEAE H AR N B RAROARAE IS 7 K, AR St B e R ST T VESE I RRE,
KH T HIEHERRIE 715 o AR I FE 2 N B SRAR I R 2 PR FI 73, DASCHEAN IR 2 R I H FRAs
ok BRARE A T AR R B R S RN B . T8I AR B TR IR EAE,  dERARIC
FEAFRE LS T, DASCREEA 0 B ARSI SR T . IR P AR T VS F T R R R R R AR
W, Rets B AL RS FEARRFAE . 22 bRyt Mk — 20 0 B RS BB DL EAT 23 2, B
LR =28 283 (green strawberry) « 4 (white ripening) PAKZLHE (ripe strawberry) o AE#E4E
FIPRTESE R LA YOLO # U ERAF, LA RIAN[F H AR I B 75 oK, Anidigh R DLaxe #& xU0r A7, 65
FEAS BAR R VERAL BAIRE B, SCREE AR H ARk il R S 73 BIE S5 . Wil 12 Pos, B4 HAsxS
FIPREE BAFEHRMMALE, MR aE 217, SARERGT I — N Hir. 710
Eav /(I

<object-class> <x_center> <y_center> <width> <height>

Hrr, <object-class>s& HARMIZRAMZE G, M 0 FFhf. <x_center>Fl<y_center>#& Hbr L AR,
ARG T PG 5 P AN v BE A LB, YEREITE 0 B 1 2 A <width>Fl<height>#2 H A7 1 %6 B A B, 1B
ST XS T B T 5 R v B ) B A

Biltn, R—ANEGEEA AR (ripe strawberry) HAx, HKHIZR51 8 0, Hobi K%
5 BE 1) 46.5104% M1 FE 1) 49.0741%,  bRiEHETE B2 9 IR BE FE 1K 13.9583%,  bRiEHE i B B & w2
19 31.8519%, X R IFRZE ST 254 0 0.465104 0.490741 0.139583 0.318519.

w#  @m =A 9 8 ripe crawberny

i

S 00465104 0.4907410.139583 0.318519 8 green sirawbery
10.268220 0.214815 0.148958 0338889 B green sirawbery
20.158073 0.266204 0125521 0,239815 B greon sirswbery
20.262760 0.440278 0.118229 0.249074 B green surawbry.
20.628385 0408796 0.064062 0.126852
20.355208 0.499537 0.058333 0112037

TR

Tiz Vidth

E  00055.4xt x +

i e =5 €2

0 0.465104 0.490741 0.139583 0.318519
10.368229 0.214815 0.148958 0.338889
20.158073 0.266204 0.125521 0.239815
2 0.262760 0.440278 0.118229 0.249074
2 0.628385 0.40879¢6 0.064062 0.126852
| 20.355208 0.499537 0.058333 0.112037
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Tex Tnage

00.261719 0.394907 0.097396 0.206481
20.829427 0.519907 0.053646 0.086111
10.880990 0.628241 0.057813 0.108333

_'-Til
2
@
Q
&
= O 'd
E 0400t b +
M mE =T 82

00.261719 0.394907 0.097396 0.206481
2 0.829427 0.519907 0.053646 0.086111
10.880990 0.628241 0.057813 0.108333

B 12 EEHEREAEA
Figure 12 Samples of strawberry data labeling

N T IR LA 2 RS R B i B S 1) v ot s A AT SR, SR T A R o A ) U
18 Fl = K5 2 1Y) Azure Kinect WRIEAHDLEAT Bl KA, W OREUR 0 #EE Dy 1920x1080 B3R . fESLFR R
PIEE T AT B R A, BRARDGREM O0E. WOE) AR R, DURUEERE I 2 A A
REME. TORTEAG K 5 H A SR M TR B E, CRUEEGIEMT, 800 R85 B 5] E i Ae
TEANRZE . A H] Pykda T H R BRI ZLAMEIE 3547 5 RGB R HIXS 55, B ORA RIS E B 2 18]
()75 (A — 21t . AESAR AL FRIS AR T, GIBRAONT . T5 4y B B R RN B R, AR A R
¥ 16 bit FIERE LA EURFEH )y 8 bit, Bk BURAE 5 Zeab P b (e 2 vEAN 2 R . 04—k KR
HEAT N TAREBCE BAIFRE NN LA, HA R YOLO #& PR ESCHE . VI RE AR5 1
B AT, W EORARIE TR 1

N T BAEEE R AT SR, SR TR VI ALE BV TR . e VA, FRATE ST T
FEAKIE, BENLIBCEIR b 0 BUEAEA, ST SR, AAOREMBIEW . FRiEdErf. SRI5HEITHR
TEIRUE, S ARAESCHRSEA T AR T, AR HE S, B/ B AE R o

TETE R HE A ShRIEIG, AT B AT PP B4 th (0458 30 7 R SR Sk Il AR 4
ROERL ERIPERER I . I FEEE PPN FR A AR B Tl RIS s st i AR iR 95, B se N fE
SN SEOREE S SRS E RIS . JE T E B AR SAHSCSCEIRIB ], AHIE 7L 2 EER H VAN 45
FrELFEHE 8 (Precision)s 7 [A1% (Recall). “F¥JHE EEH{E(mAP).
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(1) #5MZE (Precision)
R R Tl A I 25 B A BB IEFEAS (True Positive, TP) TEFRAY A 58 A IEFEA
CHmE 2 B s gk, & A=) s .

Precision=

(1)

Hp, TP RoRESNIE HEAERR NN IE SR, FP 3RoR B8N FUH BB A5 A I A
TR HCR: o RS 200 = B R AL T O B AR B b, JLIEJE T BRI e, B b 7«
K7 B L. WA R SERT ISR, A SRAS AR, AR SEBR A 2 S EWL 88 NIRER AAEER
RSHAT I K, b .

(2) HH# (RecalD)

H el & | A IR g s 2 e, EHAXS A (2 .

Recall = — (2)

Horp, PN SRR BSONIEEBER AR Ok BI8E. d Bl EwE 2T A
SEEAEH AR, BOERR B EL BRI RS o0 A R SR IR A A . AESERR M R, R
A B AR, H50 BT RA W R R 0, T2 ST ARSI 4 TR U

(3) PR EYIH (mAP, mean Average Precision)

mAP & H bl 55 FH 256 1R bR, Ront i — N B 585 B2 (AP, Average Precision),
FEXT T B . b T 838 Can AR B RE ) AT 4L, mAP ATLURM I AP fH. St
AL A HH ) TRUAE 5 B Sy AE 22 [A] ) ToU  (Intersection over Union) 5 /& 15 & T LA (True
Positive) , FHA I &5 S 4 HE B (5 B B o 70 e HE /Y s XS — AN BIME threshold T 1157 Precision Al
Recall £ PR ffizk; I PR HhZRdATFSy, 132 AP, /)5 XA 201 AP #47F1515 2] mAP.
mAP e S SR LE AN [ B A5 B A R ARSI PERE, AR S AF il BRI 2 5. 2R T INLE
HRI . AT B BT RERER L, AFN T AN R RO B B A A R B AR, AR A AN R 2 )
BT VAL, mAP g R I LE 2 SR 1) 4 RV de

bt J5 FRAT 1R B Y EGAIE (0 77 sNBEAT T 8 BEVEAG, R A 38S ) B B SR BRI 20 W GRER L B
EEEMIPREE . BARRIZpEE oy 8:1: 1. RIFIERREALR 1 &S0 I REAAE = A>T A h 70 A T
WM TSI ER, KBIFEH TESHR MRS LRl 05, MR T B & VP15
Rz MRS . AHFFTIEEL T Faster R-CNN. YOLOvlIn. YOLOvIOn. YOLOv9n. YOLOvSn 4
FERBA, IS5 H Ok SD-YOLOvSn BT RGEXTEL . X LU AR A FEAS RS BE (mAP) |
Ml (Precision) « AFIZ (Recall) , LA4J7A7iE B AE 4 4 AT DU & SR T I S5 B e . Al
B S804 T L an 13 o, AT CR il 14 s

m#E 3 frn, BUERIE (Precision) « A (Recall) « “FHHEE (mAP) 1ENIEALFEbR X 5L
PEEE I H Fp o I A I 25 5 S Ve REHEAT 8 BvP A, B BAYEGIE AR, 193] 7 DUT SEggh R

M 13 #1523 R LAE H, SD-YOLOvV8 DA s A% (0.904) « HEIZ (0.875) K
mAP50 (0.932) . mAP50-95 (0.82) FfFREAR “HefE” , [RINORFF /AR HERERS 18] (4 ms) o %
PR AR B30 A A 5 T P T e e T SR 3% 55 . YOLOVS L 0.882 FFE i A1 0.922 ) mAPS0 HE4
$ T, WM 4.7 ms, AR L SD-YOLOVS, &EHTHH) . YOLOVY 7E A [F1 2% FAHXT R H (0.873),

b ERlE SR, 2025, 10(4) | 11
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I SRS 7 5 AR, AT SE % & YOLOVY; Aid Hobs iR I8 T YOLOVS. SD-YOLOVS.
YOLOv10 Al YOLOv11 7 mAP50 5 YOLOVS 4T [H—/KF, @E mAP50-95 548 bR_EAA IED:
A 5.2 ms 17 ms, HATHRYE T VSRR U 75 SRFEATER . RS ERE AR . Gl B R
—E 34+ 7], FasterR-CNN B AE NE LGN A fif ke M i E@Wﬁﬁﬁrﬁiﬁlu FeoRpl, (H A
FE (59 ms) MELLE B YOLO BRI . 78T B msem iz 5t R, HordEmigst.

Faster R-CNN
— YOLOI11

— YOLOv10
— YOLOv9

— YOLOv8

— SD-YOLOv8

0.6 T T T T
0 50 100
epoch

13 AR R B

Figure 13 Comparison of average accuracy of test models

11971.png
& ripe strawberry 0.9
11972.png
aﬁgreen strawberry 0.9 : : !!green strawberrv 097=

ripe strawberry 0.9 : “ripe strawberry 0.9

11973.png

‘ reen ‘strawberrv 0. 9"" :
ripe strawberry 0.9 | !g ripe strawberry 0.2

11974.png
gree strawberry 09
2 ..green slra\wuerry Ty 0 9

reen strawberry 0 -9 1
r pe strawberry 0.9 a ripe strawberry 0.9

B 14 EERATLER

Figure 14 Visualization results of strawberry test results
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K3 BHRER BRI RIIZR S B4 g 2 V4G

Table 3 Quantitative evaluation of target test model training and validation performance on the dataset

il ibis] Precision Recall mAP50 mAP50-95 Ko I3 B /ms
Faster R-CNN 0.858 0.837 0.904 0.772 59
YOLOvI11 0.864 0.862 0.915 0.78 7
YOLOV10 0.862 0.848 0.915 0.781 5.2
YOLOvV9 0.849 0.873 0.907 0.777 4.9
YOLOVS 0.882 0.844 0.922 0.785 4.7
SD-YOLOvV8 0.904 0.875 0.932 0.82 4

X T BOARL R X — PR R . HARRHEARXS & T30 8028000, nsk 4 FE 15 fis, SR AY 35
3 7 8= 1) Precision(=0.94) fil Recall(=0.918) . #4AHE4 I, SD-YOLOVS At (P=0.973,R=0.933),
BE 5 /& YOLOVS (0.966,0.924) 5 YOLOV9 (0.964,0.929) . AR BuEA%, (HAMEEFLE 0.94 DL
ERIEKAE. FTERAE mAPSO _EIHEET 0.96, & DA it R 3 F AN B 2 AR S KR DN
TE 5 ™ 4% (1) mAPS0-95 b5 1 0.85, Z 55 32 BEAKILAEKE 41 2 A7 5 10 Jt B A B T T .
SD-YOLOvS8 /XL 0.979 (mAP50) F10.887 (mAP50-95) 4jiffl, YOLOvS (mAP50-95=0.868)
YOLOV9 (0.864) 'EMEHJ5, WonHXT O EELELMRE . ANEWA T H5RZILEE .

1.0 7

o

Lo

[al

=

E

- Faster R-CNN|
— YOLOI11
— YOLOv10
—— YOLOv9
— YOLOvS
0.7 {—— SD-YOLOvS
T T
0 50 100
epoch
B 1S SRR L
Figure 15 Comparison of test results for ripe strawberries
F4 BRAERRNLE R
Table 4 Comparison of test results for ripe strawberries
il bis Precision Recall mAP50 mAP50-95
Faster R-CNN 0.941 0918 0.966 0.859

T ERIEHAE, 2025, 10(4) |13
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DERSRIR
AR Precision Recall mAP50 mAP50-95
YOLOv11 0.95 0.924 0.972 0.857
YOLOV10 0.956 0.931 0.973 0.862
YOLOV9 0.964 0.929 0.971 0.864
YOLOVS 0.966 0.924 0.972 0.868
SD-YOLOVS 0.973 0.933 0.979 0.887

AT TR IR R GG UE ) 7 UHEAT 1 B VPAL, (8 S 4 SR T AT H A )RR A 2% a2 )1
SR, RN, YRR AR TS .

5 E WA A A R H AR SRR b, A SR SR B R IR S B T AR A B
P ST BAT LU GUE . BRI 2 e ARREE S AR AKX (oK. BIR. i
Jo. WOLEE) NREREIE, Bk BRI ZAEERAERYE ABIEREE TR RSN R
SRR ISR K B 1800 7% IR . B BN Tl AR FR 71400 RGB BIZ,
AFEIIE ORI B ML ANER, $G55 1 H ARl (e PE A S it SR T Se it i B R Ak 2
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A dataset of strawberry multimodal image target detection

LI Ke!", XU Qitao', LI Yujie!, LIU Haotian!

1. Anhui Agricultural University, College of Information and Artificial Intelligence, Hefei 230036, P.R.
China

*Email: like@ahau.edu.cn

Abstract: Accurate detection of strawberries during their growth period has always been a critical
technical challenge for precision orchard management. To address the lack of publicly available multimodal
image datasets in the field of strawberry object detection, this dataset was constructed through field data
collection and standardized data processing, and includes multimodal image data of strawberries covering
different growth throughout the fruit development period and a wide range of natural environmental
conditions. The dataset contains visible light, depth, and infrared images, with a total data volume of 31.36
GB. To ensure the high quality and reliability of the strawberry multimodal image target detection dataset, a
rigorous data quality control method was used, including standardized acquisition protocols, abnormal
frame filtering, annotation consistency checks, multimodal alignment and calibration, as well as periodic
verification of data integrity and readability. It provides valuable foundational data resources for
multimodal image data fusion and target detection research and can serve as a benchmark dataset for
training and testing deep learning models, demonstrating significant practical value in advancing

strawberry target detection research.
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Dataset Profile

Title

A dataset of strawberry multimodal image target detection

Data corresponding author

LI Ke (like@ahau.edu.cn)

Data authors

LI Ke, XU Qitao, LI Yujie, LIU Haotian

Time range

November to the end of April each year

Geographical scope

Changfeng County, Hefei City, Anhui Province

Data volume

31.36 GB

Data format

* png, *.txt

Data service system

http://doi.org/10.57760/sciencedb.13135

Sources of funding

The University Synergy Innovation Program of Anhui Province (No. GXXT-2022-041);
Anhui Provincial Quality Engineering Project of Higher Education Institutions
(2022jyxm464); Anhui Agricultural University Introduction and Stabilization of Talents

Research Funding (No. yj2020-74).

Dataset composition

The dataset consists of 4 subsets: (1) the rgb folder, which stores visible light images of
strawberry, saved in PNG format, comprising a total of 12,840 images with a data
volume of 29.3 GB; (2) the ir folder, which stores infrared images corresponding to the
visible light images, saved in PNG format, with a total of 12,840 images with a data
volume of 850 MB; (3) the depth folder, which stores depth images corresponding to
the visible light images, saved in PNG format, comprising 12,840 images with a data
volume of 1.29 GB; (4) the Annotations-YOLO folder, which stores YOLO-format
annotation files corresponding to the visible light images and containing positional

information of strawberries in each image, with a data volume of 3.41 MB.
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