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M, DRV, vhtsh, R, i, B4R, E3E EPL EW, M, E
B BRNE, RAOR, BB, WDRR, WhEeE, WIS, VESIE, B B,

el (=
KA, WRRME, HEE, RES, SKEE, sk, skowik, kE, kEH, H
fRE, F—s, KRG, 48A, FRM, LRE, BEF, EEE
e Lkl 2017-20194F
&l eS| i
HEE 107.58 GB
HAEER * zip, *.nii.gz, *.tsv, *.tif, *.hdr, *.txt
BHE RS RGP https://doi.org/10.57760/sciencedb.000115.00013

REST-meta-MDD##5 Y 4R 1 112844 4 FExt 3% 15 1300 44 A0 AE B8 3 i B &
TR RESL IR BB 3 s . Bl E B S =N EZE XM 1. DIRECT REST-meta-
MDD_Data_Use_Agreement.pdfy##i8 FHWp I, VLTI 1 04 7 a3 A& 51
MBI X 43K 2. REST-meta-MDD-Phase 1-Sharing.zip & 54 7 3% (1)
Masks : AutoMasks A % i 77 1 5 T Th a8 MG B 8h AR i A B . (2)
PicturesForChkNormalization: fif7 7 T K 25 25 (W A 4k i &= & . (3) QC:
A EE R, 4 F RawFunlmgQC.tsv 5 RawT 1ImgQC.tsvICf:, 43 Alid 2
BIBB S TIS R R RIS R (4) RealignParameter: #7754 1 i1 3k 3
B (&) Ak ZHfEE . (5) Results: fEEH BEINREIRHTHH SR, WHEALFF. fALFF.
ReHo. VMHC. Degree Centrality Ll J2 ROI Signals; 3. REST-meta-MDD-VBM-
Phasel-Sharing.tar.gz Vi /7 T 2 TR RIEAZ AR (1) cl: AMAEZE T
BT BIE L (2) c2: MRS B T BB (3) 3 AR ] I R 4
FIEL (4) wel: MNIZ AR 70 F -] (5) we2: MNIZE ] 5 (5 5 70
(6) we3: MNIZE ] H B B W 2 #1 B (7) mwel: MNIZE A A K BUAA R (8)
mwc2: MNIZS [ F i R AR AR . (9) mwe3: MNIZS i) A/ (1 i 6 AR B . (10)
u_rels MM ) BB 10 A8 e S 4. B SRBUIE S5 M R VEAIE BT LS5

http://rfmri.org/RfIMRIMapsDataSharingStructure .

EHEHIALEAS (Major Depressive Disorder, MDD)  H A & 4 Bk & i WL IR #0 < —, SEME
BERL) 3 AN S DR HoAZ ORI A FE FR 20 T AR IS AN SN DI REFRAS, ™ H IGO0 T T Refk
HHERMTNE, Tk, kB2 iR ET MDD AV EMHIIRER, B ESLHUREHER A1
BT ARG A A 4y 2K, N HES B R 2 . Hodr, #LIR R (magnetic resonance
imaging, MRD) FARME N —MEERZ WA EVH A TH, 232 XKE. MEBFHAKR
L, MDD HELE KM A TR BRI 225 575, B 5 AR AR ek R0 Ty e 19 28 322 388 4 T B
XL S W AT A 5 AR 25 Y RS AT AR B A DDA G IST, jeAh, MRI R R LM, RE RS
B ) LA MR AR SIS, EHAEIIARIE 2 W 70 B SR T AR S AR R b R I tH B
ViR

iR AT RE R IR 1% (Resting-state Functional Magnetic Resonance Imaging, R-fMRI) 1 AR
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% MDD G RSR[5 & B EHLGI — P SR 2070, N Z0. & KE T
BTk R-MRI 734 MDD B BEAFAE, 28T, 1241k, R K IBEW% A5 E iR %) MDD &4
H BAT I R B FHAME 2 R B hR S8 A antl, PUE@E R R-MRI 73 #7453 2 1 0 58 245 R %%
FAEA—E, HEMEIPE, IRE RN AT, Flin, HRoE MDD B #E BRIAE
W% (Default Mode Network, DMN) 3 IBF 7 A I, DMN AP () D BESE LML R ST, SR7 HoAth 2
LRI FE AT T A SR B 4518019, B MDD 825 BRUME R 2% b i) Th e F b . 3B 458
MRER R Z THE, B Bk, ARRESE T E KT TR BT 2 800 R-MRI B FUREA
RN NERTE TG DA IR, A S MBURFA RS R, i S EOuF 745 2R ] 2
BRI, AR, KT 80 MR (R4 40 MDD /MR B REAS S i HH B SR AN IR T g
PEBURIS, i i — T S 4R Y, AR BT B R R BRI 45 R, R AR B/ A B4
TR KR, R E BT ST U R EE R B E R AR s F s R T R . LK, R-
fMRI fJF 58 73 B ik R e 0 e 2 SRS 1t 2 e 3 4 SR AN R g R UL 35T —T5 ey 70 22 A S7 [ BA 23531
Xof AH [ #h 22 S AR KA P #EAT 70 A ORI 7T 45 SR AT, MR 28008 1 AS [R] T 4k BRI 7 A 22 S PR I B
FA RIS, IKULH, FERFE I R-MRI AT 7T s e, AR E45 25 E 7T B S L SERLR, e i 48 id
A FAL B %) DR R 00 P 8R4 70 A
SRIM, HATE MDD B R4, 75986k = Bo45 AT B PR A RBEAS . Bk AL Tl A R IR0 AR (1) R B o

LGB . YN IR LSRR AR, R R BN T 2017 SR R U6 R AR o A%
WX 2% DPARSF 1 P Ilm PR, B & 4 RS # B2 50, B S i 57 17 JU0AIORE Jild 52 4% K o 5k

(Depression Imaging REsearch ConsorTium, DIRECT B%#) . REST-meta-MDD #& DIRECT 5k ¥ &
EREANZuAMEIH, BN E D2 AR AEL AL BEFE B KBEE A MDD i 5245 80 12
WL 17 KEBRE S 51Z0H , JRIEE T 25 DO dE, B46 1300 4 MDD &% A1 1128 44 1E# %)
FE) R-fMRI %4 . REST-meta-MDD %4 1 (1) 1300 4 MDD & # L HE: (1) 826 4 LA 474 4
B (2)562 L EIRKEREE, HAH 318 A EHIRKIERI KRR E#H (first episode drug-naive,
FEDN) . 160 4 R HHTIIAR 25 83 . 84 2 BEIRATG A TE: (3) 282 B ERMEEFE, Hrh 121
IR TAMBEL) . 76 ZARFEZAYIRTT . 85 L BEIRAGTEHUATE: (4) 456 L BFHERIRWER CF
B RO MZPWNEIT R OLATE . IXEER H A RN 5l s i, 383 48— i DPARSF #rife
MRARBEAT TRAL 2R LD AL B iR i S i i, ik — DR IE 1 o jON e 534k, BT R-fMRI
i bm xSk B2 20 A5 AR B B AR UK DT, B 5N SE L DPARSF AR 4 i /K T A2 7K #E 4T 0] 9

(Friston-24 7)) SKXf P HIMifi# (Framewise Displacement, FD) A% [, fi45 il i REST-meta-
MDD ##8 FEHEAT 73 M BB 78, AR 48— ROARAEAL UL PRIARE 5 R Bt B EAT,  CRIE 1 BFFE 45
RAEATE G

2020 £ 1 A 1 H REST-meta-MDD #i(#& £ Chttp://rfmri.org/REST-meta-MDD) [ [n] &= ERHF &

TETR s R T i = e it 7 2R &4, 24 2 845 Stanford University . Columbia
University . New York University . King’s College London I University of North Carolina 4§ & I [
522 ANE W AN BT RS JERALAE ], BRI AT B 1 s . A PR SR A T ORI
FrEL IR I S5 20, T DA s N L& B8 (Artificial Intelligence, A1) #5784 311 25 A IR ASE A 7 ol 4 ] i@t
SN, RS AL FEAVARAE B S P RO S AR AR H AT, [ N AME ST I
REST-meta-MDD #(4f& ff 485 R 1 103 RS 22 [FAT PP (WF SR 3. AEAHETTH, FAT BB X 4
ORISR, KILXLEH TR 1088 52 S AR L 22 ST K ) MDD 2 Wi i, AU 7R
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ZACREST AT HER L, 108 MDD (RS HEIZ Wi it 78K B . BAh, BEFUE A AL SR K
s AR ORI B MDD [ 5RBE4FAE, AT HES) 7 MDD WA 7338 SRR Tl A MARALia T
HMS IR R . Ak, BEEEZHIRMIMA, DIRECT BHH AL ALMAE I 2 500 o SR I 25
PEPIFL T AT PO ANMAAL IR T U8R % SR .

B 1 IR A REST-meta-MDD i3 B2 IALH 4347 B

Figure 1 Geospatial distribution of institutions authorized to access the REST-meta-MDD database

it Fi A HE PRISRMA (Preferred Reporting Items for Systematic Review and Meta Analyses) 5[]
HEAT o M ANBRSZ AT SR 2R, HUBOR IR RN A R 5, WA — Sy 77 347 g IRk sdL iR

1.1 ST R 5PN

AT 7L 381 Web of Science Core Collection #£47 LA % . Web of Science L& R T AA
e R 1 R e o R S SR DA K 2 R SO AR S, A D A8 STHR T 20 M Uk 4 49 50 B a2
BF 58 (L8 ] REST-meta-MDD %4 FE 585 SC Rl , 83 2 /E(F# i\ DIRECT HEHE . 7L+
& )2 REST-meta-MDD % 4% % 5 5] F§ 3 % (Reduced default mode network functional connectivity in
patients with recurrent major depressive disorder) o 1% NEHE 2 IR A FF R BIMREBHERE, 5
S g B e T 0 51 T ST DAFR WA BRI, oK WAL T EST T T 70 2 —mdk 51 3eAr a1,
F5| FIRTAE D9 B 22 A A 4020 R o TRLE, AN B 9 1 S 7 12 80080 2 vh A R 1% 00 “Reduced
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default mode network functional connectivity in patients with recurrent major depressive disorder”, Jf-7ff
LA 436 a5l 30 AN, BELIE R A B TR R . TS = (“REST-meta-MDD”) OR TS =
(“DIRECT Consortium” or “DIRECT””) AND TS = (“MDD” or “major depressive disorder” or “depressive
disorder”) AND TS = (“functional magnetic resonance imaging” or “functional MRI” or “fMRI”), 75 %
36 F 5l U RBEH N 2024 F 12 H 02 H) « BHBMERARGIFEREEL KIER
SCICHR, 193] 437 JESCHR

TR, MR R B SCHERE— B0, NG SR T B0 SCIR T 75 DA N ARdE: (1) BFFAL R oSk
UERFSE, ARSUERBIFN T AR, BFRZRE . Bt 0. SVUHE . TETALL AR RS (2)
WFFE A8 F 0 8035 G 45 REST-meta-MDD #(#5 e . #%, 44 N\ REST-meta-MDD $(#fs 2 #H 5 237 1 5C
BRIE 103 55, VEARMSCEAS R WA SHRER AR I 2 B, A7 R0 ] REST-meta-MDD $4f e it
ATHT TR 103 FEAISSTHR, W& DA FEATRER =% 1.

{ Identification of studies via databases
. -
S Publication identified through
ki data searching (n = 472) Records removed
£ PNAS paper (n = 436) S— Duplicate re(.:ords (n=34)
s REST-meta-MDD (n = 36) Not English (n = 0)

— l

\ Data paper (n = 1)
Proceeding paper (n = 15)
437 publications identified — Early access (n = 9)

Editorial material (n = 5)
Review article (n = 41)

o
£
c
] 366 publications obtained
@
-~ Not using REST-meta-MDD
o dataset (n = 263)
P
\ v
3
‘g 103 publications used
g REST-meta-MDD dataset

B2 5|F REST-meta-MDD 33 B SCHR I R E
Figure 2 Flowchart of the literature retrieval process for studies using the REST-meta-MDD database
7E: PNAS paper 1848 3L % “ Reduced default mode network functional connectivity in patients with recurrent major

depressive disorder”

o R, 2025, 104) |5



CS5R) FBERFEARFE W S1: 2T DIRECT B 5 REST-meta-MDD $35 B K SCHR R IESE
DERZFEHIR

AHFTAAE UL PR R R : 556, SCHCRIEDY Web of Science 1% a5 22 e 5 1) v 57 2 101
FISCHR, PTREI I S0 AR 7, R, Tk RE Fh kR 1 AR ISk, W SINE B ) it
b, BT AR R ORIE T PSR UE, (HATRER I 1 PRENASSE i R I 3R R K SR it

7

It o
1.2 Bf5 TR REEE AR

AWFFeE 6 H T CiteSpace (6.3R1) Fl1 VOSviewer (1.6.20) “5n] MALEAFBEAT SCHRTHE /34T o
CiteSpace & 1 3% [ H7 2€ /K K %% Chao-MeiChen #4% [#1 A & 1 — 3 3k T Java ~F & B9 3E R Mk % 7T
MACSCHRTE B, 2 B AT &R I SOk v & e i 2 — 22, VOSviewer HIff 22 TR 57 1
VanEck Z(#%fl Waltman #HZ K, HAZOHE VOS (Visualization of Similarities) B S AT LA
SR A T FH AT R A L /00 DX )5 A 9 2 D R O B ] S I M 25 23] VOS AR SR FH — e T AR A 1) 56
FI7E, B AL WA O BRI R HA TR AR ERUOCIBR O, add v B I e O A ] 4y
PR BIAS R 432024, 4, %7 “fMRI” “default mode network” I “depression” 1% %6 ¢ 8 1] 7F 22 i 5C
BRP & H L E I, VOS MU EATHNE— 2500 . W28 aT AL h A AR — AT E
WIE X LA (3 T EOCEE S . 9 S RIBUER R AR PR, M5 s
T LR E, T ROBROR R R I RO Z . T R A RN ARE A B R, 2RIk 40
FORBC R TR SRS, ARHE 50 R S BEH29 % (Total Link Strength, TLS) SRE AT A 2 [0 R .
i3d VOS viewer F Cite Space FA4F 73 7l #4  H [ 2 /Hb IX S AR W 2% 8L BfF 50 S URTRAE LB ) 4% 5]
J£ 5 N Photoshop #AFH#HAT i . th4b, #FFTEIETT R studio (4.4.1) ff A geplot2 F1 dplyr &£ K
BEAT S5 BT, BFEXT REST-meta-MDD #(4f5 P 4F 2 I FH #a #5 J H 15 R S0 & 1 51 &34 i al Ak
o, BLROH R REST-meta-MDD #fs i AH 5 SC &= B HRAE BT 20 H I T2 R 5~ 1E 47 AT ARAL

2.1 REST-meta-MDDIE B ) B FH #a 2

A AT 2019-2025 418 F REST-meta-MDD %4fs & #E47 0 7t 1 & &k 2 SClkFE 1T 103 55 .
KT AMPN IR MG S, ESRAN M. B 3 28 T REST-meta-MDD % ¥ % 7 2019~
2024 A R I EER S, [ 2020 4 DIRECT Bt HDRZ AU 0T AR A8 A G, His 4
IR AR IR ARG K, Hod 2023 4EAT 36 T 7T AE B Z A0 R R L E . IX K B REST-meta-
MDD #i#i& Pt MDD S8 iR AH SCHIE 5 72 A2 1 T2 50

2.2 REST-meta-MDD¥ 35 FE [ & IR W /7

Wit (i H REST-meta-MDD $#5 E & 1 103 5 SCikrb, JLHRE 21 ANEZK A 243 S
FNIZ 5. BT VOSviewer X 103 fAH I SCERI &4 B AT 0 #r, 8RS 1 1B KA )& VR 4%
N 4 Fios. WERHT IS & 8], REST-meta-MDD $4fs 122 155K [ A [|] [ 52/ [X (5T 78 Bk 7
AETEHEMNEGERR. Hd, PEMARBRRKMERSEMSE (TLS=53) , HkZEH
(TLS=48) . FE[H (TLS=21) FIINE K (TLS=18) . HEHE ML /34 o7 s 2 8] (I R 5 i v] %0,
T E AL E 2 B IR RN RE, WEZRHAEREZNEERR. Wb, XHAEZ S 5E O
SHAMEAMNEFEESEXR. EROHrEY], REST-meta-MDD $3E 2 AV HES T 45k % [ 4] (1
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Figure 3 Annual trend in the application of the REST-meta-MDD Database
Definark
Enﬁgnd
Souti@Korea Czech Republic
Germiany
Australia
Belgium \@
@ Neth@glands
Alstria
Malaysia

B4 MA] REST-meta-MDD $#fs PEHEATHT 5T 0 H 50/ X A AR 44 B
Figure 4 International collaboration network of countries and regions conducting studies using the REST-meta-

MDD database

2.3 REST-meta-MDDEIE FEAH <8 57T AP - A5

AWt GTE 7 A WK N REST-meta-MDD #04f P & R SC & AT, 3 58 Fh, 2 BUH T
JCR (Journal Citation Reports) 43Xy SCI — X o FL H 521 K & 55 09 81 T N Science Bulletin
(Impact Factor, IF = 18.8) , LWt T WREAHC X E . BEJE, Ik i SCE B E A 44 1T 20 093
FI LA, Wk S Fias. Journal of Affective Disorders (IF=4.9) WX ERZ, H 12 5,
H IR J& IEEE Journal of Biomedical and Health Informatics (1F=6.7 ) 1 Human Brain Mapping
(IF=3.5) , BT 6 MMHKLE. A, Science Advance. Molecular Psychiatry Biological
Psychiatry Neuroimage. Nature Mental Health %51 28 5245 5 R K fif 125 27 S5 4003k (1) T 2 B 1) Wi =%
T T REST-meta-MDD H{(4 FE R AH K SC & o X 2550 1145 B UL W] REST-meta-MDD #(4f8 e xof Tk ik
MDD 453 b iR 37 30 DA BT T i S A R Bl R 7 v AR R I B 1 AR A
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D T TP YR

é oS ¢ F 3 & S & S @ & & €
& & & & & F %«\\ & & F P E S
& & S T @ ad o e & A 3 & § P Q% Ol <Q® &
o & @ o 8 & s < v 3 & & <F 9) S &
2 & & G & & & 3 d e N
o o & & &% @F& e \g? ’9\; -\(\é & & L &
T @ P & & \‘5} & & & & &
‘S\ob «@‘\ X Qa“\ (}\z’ & = A
& <
&
HF

5 W REST-meta-MDD #E FEAHRSCEHERT 20 BIHAT] (B4, Science Advance. Molecular Psychiatry
Biological Psychiatry. Neuroimage. Nature Mental Health S £ B8 22k R 22 S FUB M TR B Tl i 7 2
F REST-meta-MDD #3#2 FEIFERCE)

Figure 5 Top 20 journals publishing the most articles related to the REST-meta-MDD Database (Furthermore, top
journals in the fields of neuroimaging and psychiatry, such as Science Advances, Molecular Psychiatry, Biological
Psychiatry, Neurolmage, and Nature Mental Health, have also published articles based on the REST-meta-MDD

database.)

7#: JAD = Journal of Affective Disorders; IEEE JBHI = IEEE Journal of Biomedical and Health Informatics; IEEE TNRE =

IEEE Transactions on Neural Systems and Rehabilitation Engineering; CBM = Computers in Biology and Medicine; 521

THUHE 2% [ Web of Science 2023 4E11d 3%

2.4 REST-meta-MDDZHE FEAH 8 72 I BA T 4 A

AHE e M 5] REST-meta-MDD ##5 P #E47 01 50 (1) 30 3 OG5 1A SR I, R A 25 i 4k
PE N % R AT e # mis ] CiteSpace B, WML i 2R RIWC B O “ORBER” , K AT 10%
FIAIA AR L T HE  (Top 10% terms strategy) , ittt 101 AN E A SLFrif 7= L 8. Fifs,
FAXTHALSR EE 5% (Log-Likelihood Ratio, LLR) JZREKA bR, I BRI 73 A7 A AN (1) 26
Al wE e frn, EHAFRBIEARREAMEN. £k (46D HREET MDD 2, SCHiHE
45 “major depressive disorder” “diagnosis” 1 “intelligent diagnosis” %%. 41, Qin %5 AFIH K
LRI ZS (Graph Convolutional Network, GCN) YIZriS Witk Y, R UERf2RIAF] 81.5%20,
TR () KJFE MDD RS RRRIE, BT/ 40 “biomarker”  “posterior cingulate cortex”  “middle
temporal gyrus” Fl “anterior cingulate gyrus” 5. MIRAFFLIL, MDD EE B L F07 BN X
IR AR FANE, 2 g /N RO28T B =2k (Gt RIS BB AR, KRBEIE AR “ temporal-spatial
expression specificity” “brain modeling” “heterogeneity” 4§, XLEHFFIER T MDD & N T BE K

www.sciengine.com/CSD | 8
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I EE . BEVU2E RIEE) BT MDD BIhRe s, SR B4 “default mode network”

“cellular signature” I “brain networks” %5, HRWF 7RI, MDD 3 1) BRI 3 00 2% 3% 12 1 2
A SImARRERA 720, B8 28 (IRIE ) MW RO ARRE B AS (12 Wy, SCBERIIR &% “ supervised
classification” “psychiatric diagnosis” , U1, AR “RRIEENE” 3k oo 2008 12 Wi ik
W ZINERVIATHE D iR A E, EMERA 5 P s N TR0 6D e 5 8 1O
X3, BT A PR S TS B0, R fe—38 CRyth) SRIEIREE 2 210700, B ia] 4%

“causal generation” “prototype learning” 1 “multi-view graph” %, HH, “prototype learning”

(ERZ 2] fRI 2 M @ A AR R R REA, SRMEHE & K00 A% D RFE: T “ multi-view
graph” J7 VLN IS B4 G510 5 D) REERSE 2 ANRIE SRR, X R ) 2% B AT IE & i . thAb,
R ELIRE T 2 E-EMZEM 4% (Multi-View Graph Neural Network, MV-GNN) . £ R HIiEMN
Z W IE fh A R B S A 4% (multi-scale adaptive multi-channel fusion deep graph convolutional
network, MAMF-GCN) 55 BRI A IR, 3 5T 1 MDD 2 I i #ERf P ARl e 0320, )
P&, BEFFBAE DT IR MDD 2B AR AL #RER MDD iW&5 4 5 DiRe 8 . AP &k
P9 12 i 55 4003 o

H3ITRE LR

#2 I W14
#5 TRIEE ]
* *

*

Bl 6 T REST-meta-MDD 3 FEHET BB 5T A K ELE

Figure 6 Keyword clustering map of research based on the REST-meta-MDD database

REST-meta-MDD £ 4 2 A1 — AN TF IR B PP 28 il A8 380008 e, 8 0 L RO AR = R 1Y)
B AR, O Ay E I A A A0 I ) B A AT B R . H 2020 R B ALK, ©F
103 TURIE 556 T80 e R T 70 A, XSS RE AAVNER T T MDD B2 Wik afi it 5 40 70 KK, #E
57 MDD X458 5 ThRE S R ME IR AR 2R, IBI8 50 T A 2Rt 50m [8] A S E S RE FE . AROK,
2B B 4k ST 36 T 22 iR R B (transcranial magnetic stimulation, TMS) VG747 # MDD MAAL #E
AT SR R A B AR

PERN—A KB, L3 S FT, Rest-meta-MDD NIk MDD 2 Wi 5 7 2H 73 A R4 41 T 3=
= s . VF 2 W70 A REST-meta-MDD #4  K 5ttt MDD 2R 2 Wi . tdn, Qin 45
N BB T — AW A, Hor KA 218 2] 81.5%, JF HAL TAEG ML % ) 702K
A2, pRAh, AR TUR H BE AT MDD WA 532K RTINS AN F L, B E ORI T =
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s JERSAE ) MDD 2R, X LB A SR AN ] R I PR AR AR A A PR SR A U3, Gallo 55 A\ 455
ZFEFEAMNL (Support Vector Machine, SVM) 5 EEFIM 45, ISR B X} 2590376 7 WA M FE 2
YaIT WAHEAT 733, ~FIAMER Ry 62%, REBAUERIVEATRAR, (EATFEARIL,  Fofid i)t et
AT DA TR () 73 R ILBY . R T GCN, A —Letff i F 52 ) 7 AN [F ) MDD 2 i U AE SR, 4
T T ae E R B E ML M4 (Heterogeneous Graph Neural Network based on brain Functional
Connectivity, FC-HGNN) . & T 2 7 1 7 I8 B %5 3k fMRI & R HEZE (Unsupervised cross-domain
fMRI Adaptation framework, UFA-Net) LA S 25 4 [&] - [ i 28 o 2 S 3135361, TR BB RUAE — g F2 J_E 9
THT E TS24 MDD 2 WriEwh i, Mim#ES) 7 MDD K ik g7 A AR T I K R .

AT A 2 — 78 S M REST-meta-MDD 45 Fe #6578 FER40AIE 1 5V 4IVAR FR A R8I 445 44 A
e me Bk T K. AEANFENEAL) MDD &3, 2 AN X AR B AR 2 e, B R (Al
FT AT R BT R DL SRR R SR o TR i X PR A5 b TR AT E B4 R IR AE G,
S R IS 2R . N DhRe DA B BRI R0, AR AL Z [AIE AR BRI AR E A AE A
—EZES, PN RIHIARAE A AT RE AN [E] R AR 2 A ) 2 L 7T X Be B T 25 R Bora 55 A
BT LR HT0S MDD B8 K50 5 5 FRAH S0 DX 0 A L ARABAISS39) - b4k, 43I 55 32 W] MDD I fig
IR )2 E R . B EUR GG, RN 75 D R 00 4% (R ZE 3a VE B i 55, R 1) RO 20X 246
ARAAZ 2 0 28 N 1 Dh e RV i 2 T IR0, SRR RRZHAHLL, MDD 2825 1K K I Dy i W 26 1% 3
PETBERREE R 2, B34 7 MDD X RN EE 2 F s/ . RO 5t i /> s 222 4h,
WA FE 57T MDD F835 1 R0 D) BE WX 268 72 B A8 EH e 0 45 R R ) 22 S 45 07 T ) S o 1 42950,
133 % REST-meta-MDD %4 FE R N 73 A, B 788 AMUAE 7R 7 5 MDD # RKI, iLit—2 5%
ik 7 JEHT I TR A R .

VB9 — AR B 2R SR B b 26 2 i L A I 52 A8 805 2, REST-meta-MDD Hidfs FEAMYHES)) T
MDD s 12 Wr, 38X HAhph 2R ol 2 Wik 31 1 B ER R . VR 2 B SR a2 s AR
JEUEER,  FH CAVEAL TR B2 W 7 v AR AR 48 o il an, BT D) R HE I 2 LG 4 SRAE 4L

(multi-level FC fusion classification framework, MFC) . K FEE JIHLHIH £ N E HiE N £ 8 E fh
HIRE BB (MAMF-GCN) K314 - 5 A B4 W 25 (Dynamic-Static Fusion Graph
Neural Network, DSFGNN) %58 8 7538, AMUAE IS MR R L TG, ERERE 7B
()R] g R M 240471 B 41, REST-meta-MDD $UH#8 i 75 52 iy At AHADURS e B 512 KT A 2 77 T () 9 Ak
B 7 EBEHESEH . B0, DARRIET TR, R o R0 B8 AR RN 45 A8 588 I R 3 IR BEAL
il 45 7 T -5 AR GG AN A7 AE i35 BB 850, O TR s RUE R R S RS B, WAL
TR T “RIEENE” R0 R R RERE R RAAR AT AR FRUR, 5 LAt B S A ARG A 1) Al
ZERLAEAT RS RI, 2R A B 2 W ke 7 B0 . REST-meta-MDD #5045 e 4 {3k ) 2 14 41
BTSRRI 5215 AR, T DX A B RS A PRV R S M2 I R R RS 3 1 S AR

5T REST-meta-MDD %45 P #4 2 (1712 W7 43 KA AU 0]y MDD 02 | 43 FOks e VR TT S Ak 4
IS SCIPIR AL 532, I R VE ST W4 S P T RS , AR A IR ST RORBY. A IRTT
R, &R AR e R AR R N s SR, HAE LS 8 S A EshE, ok
FDA it FH T 25 M va MEAIAR B 5 16 7 52 o S B AR (R0 1 S A T ) RE RE LR AR ¥ b 2 21
€ AL Dl g —— 10 TR R E I X e DU REIE R L, MR A YAMAAL TMS B8 Rk #3220 4
(5354, J& T fMRI AL TMS T BUEPARAE VR I H R B0t MURR L 35, 4 Liston [ BA B 72 & 30
A 15 A Rz J2= 5 FAh 0 DX A AR AL Dl e B R RRAE,  WIAT AR TN A AR AE £ 38 % rTMS VR IT 1 SR8
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PEBSY, T LA 2 B B8 O HE 0] IR 7V, AR ST VE R AME R B R4t 7 BRI T & .
REST-meta-MDD fE 4K HiAE MDD &% & B A DI RERILIRFAAZ Bz 2, v AN TMS #E st SR fit
KBRS . Aok, BEE S 20708 2 R R TMS AR R 22 Bl 2 % = m B8 RURLE T R
it — e MDD # & PR IT R KR .

REST-meta-MDD #4 P2 £E 85 P 0 58 5 N TR e S H i LA R AT 5t Al A I A5
H 5 HAt R ARORS P i 52 B B8 e (AR # 73 280E . AICBIRE . FE BRI 4E) BXG1EH, 45 GURE
Fo)L 2RSS TR IERR, JFRAGEISEIGE AL, T2 A RS F5R 2
F SRS W AR w2 ., TR T MR RS, 4G HENEE M4
(adaptive attention network) 5INREM 2% ¢ RS AY, SCIL 7 /MAMFFIE IR SRS 2 R dh 450 70 A
[E] I 5] N 26 4F 53T (counter-condition analysis) 5 $0L i Th BE 2 75 18 5 500 A& 0] (1 A1k i 42, DA
TR AR A () ] MR . IZAEZRAE REST-meta-MDD H1 ABIDE ##f 2 75 250 1E, H 2 Wik geth T
WA JTVE, ARIL T REST-meta-MDD {4 P £ 75 1575 8 i 12 WA 2Ll e e v 10 S AN B BT B
TR R, R HR WA TV EALE 20l a2 FIELANZ AR T, B it g
BHEIER AT B B 2T KRG . BAAORUL, A AERE T /OREA S RAELIT R % S HELL
(Few-shot Synthetic Online Transfer Learning, FSOTL) , i sl a6t Bt 48 47 HiIl 4%, FF3)
AIENFFEAR, ARG T 2wl U8 22 57 R RNZ A ERR . 1207 7% [FIRRAE B 22 Sk k) J )
AN TR RE A3 09 J SAR B0 e h kAT 1 36E, RIS B AR E I 52 Wik BEDT). Rt SRR
IE =S EREE & Re 12 Wi U T 1 2 PR, 0 G0 AS [R5 006 i 5 18 8008 PEARTEAN G — W28 RGiA7
S, UL ZBSRHERMA PR ARERS . KK, REST-meta-MDD A ALK i i B4 75 7 4K
PEFRAEAL 15 SON TS B RS S5 7 A 2 HERE, A e 78 70 R A% AL B RS M5 & Re 297 b i
FEHE -

SAATT ., REST-meta-MDD #04f8 e () SR 51 1 A BRI 7838 %of 38 M HRR B b3 00k 1 Oy, IF
sl 7 A Ut R o T A0 FE (WA 780 MDD i 20998 B 2 W A7 L8 I — B4 AR 1L T3
R o AIVHIAE o 5245 R H A 196 Bd VAR 2w U s AR B, ANMUERTE T St AR, #8787 MDD
AT IR AR R IR ST, SRR T BT AL IS AR 0 A 7 v 12 W @RS R Ak TR0 5 AR 1)
KIE . B A AT — e 7 2REE, AU E e R AL IR S5,
MR FIASE i FEAZ B H SR OCBEARAE . IR BB TEAEWAR Y, FEOLL MDD 2 Wi TN A . XA
IR 7 FATR MDD # & A2 pLE BB, O IR T IS SR 408 7 R AR . AR, HdE o
VA BRALCRIORIA B AT AR A2 AT T 1) PR . R AR EE L, BAE S IRIRET N
BRI T, A AFAEAMA B R AR . [RIR, Sl 26 A AR A 22 A O AT N Se Bl P L =,
R B R P B PR . MR S, DIRECT BB IEHESh S — B bevtE . Inss s in
HHGHE A, @R CTFBCEE” KNS, DTSR SR SRR S . B AT,
DIRECT I Jii & 3 5 L2 fMRI $4fs b 38 45 2R e 5 T B ¥ (8] J7 %1 . % DIRECT HX B2 1T &
TERHESE, BB AT IETARZER (voxel) FIEETNA (vertex) 7K FHIE 18] 73 & s . HWIFFAEIX—
B ORHUBRN B R 2 I B JL = Rtk B, W FE o RR S 2 HE t SE FIm R W K. ROk, DIRECT
I BR T AU TF R HARAE TMS AMAAGBE SUE A VR IR R IRES, 4 A B BT ARG R4 8
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dEFN R B, AR AR 4R 2 BRI E OB RS T RERE IR RS 1% 2 2 o 1S5 Tk 5 Bk
EE, WFFE TR AR, HESh TR EIARE BB SRR IT, SR FHARAE RS 6 12 T AR HEVA
57K

FIRF, i, BT AL B, AR A, EERIETARE: HuRiEE, BdEair,
NEHE, LEBK

MR, Wi, BRI RONE ORI, FERE TR, HdRiEE, iR atr.

WRE#, Wit SRR LR ER. FAOEKR. R BERE TR CEEK.

VO, HfZ, BTN LB RN E . BEKIE AR Bl edar, B s,
NEBK

BAYEV, BdR, WEHICTT R RS B8 % = S AEY S ARic ) . Bia R 5 49insr. EE/RET
YR Bl or, BdEpERE, CEBK

PRV, HA, WETTITIA N MR T 35 S AR AR S IR R . EEURAE TR Bl
PEEESL, HE R, CEEN.

PR, B, WIS RO AERS B IS W AR HEVR YT . IR . R EORIE TR WSCiE, Bl
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the DIRECT consortium and the REST-meta-MDD database

WANG Xinyu!?, CHEN Sicheng!?, CHEN Yanrong!?, ZUO Xinian3, ZHAO

Jingping*, ZANG Yufeng®, YAN Chao-Gan'**
1. Department of Psychological and Cognitive Sciences, Tsinghua University, Beijing 100084, P.R. China
2. Magnetic Resonance Imaging Research Center, Institute of Psychology, Chinese Academy of Sciences,
Beijing 100101, P.R. China
3. Developmental Population Neuroscience Research Center, Faculty of Psychology, Beijing Normal
University, Beijing 100875, P.R. China
4. National Clinical Research Center for Mental Health, Second Xiangya Hospital of Central South
University, Changsha 410011, P.R. China
5. Center for Cognition and Brain Disorders, The Affiliated Hospital of Hangzhou Normal University,
Hangzhou 311121, P.R. China
*Email: yancg@tsinghua.edu.cn
Abstract: Major depressive disorder (MDD) is one of the most prevalent mental illnesses worldwide. Its
complex neurobiological mechanisms, coupled with the urgent need for personalized treatment, have driven
the rapid development of neuroimaging and big data research in MDD. Resting-state functional magnetic
resonance imaging, a noninvasive whole-brain neuroimaging technique, has been widely used to study
MDD-related brain features. However, the generalizability of previous findings has been limited by small
sample sizes and methodological inconsistencies. To address this, Chinese researchers, in collaboration
with psychiatric experts nationwide, established the Depression Imaging REsearch ConsorTium (DIRECT)
based on the national clinical user network of DPARSF. By implementing a unified standardized
preprocessing pipeline, the consortium has substantially improved the reproducibility and comparability of
research findings. The REST-meta-MDD database, publicly released by the DIRECT team in 2020,
provides an open resource for global researchers. This study presents a bibliometric analysis of 103
publications (2019 - 2025) that utilized the REST-meta-MDD database. The results demonstrate that the
dataset has accelerated MDD neuroimaging research, facilitated international collaborations, and promoted
the development of open science. Through data sharing, researchers have made notable advances in MDD
subtype classification, diagnostic model optimization, and the exploration of brain structural and functional
heterogeneity. Furthermore, it has provided insights for the diagnosis of other mental disorders, enhancing
diagnostic differentiation between neuropsychiatric diseases. In the future, with the inclusion of more
samples and the advancement of data sharing, the database is expected to play an increasingly important
role in training multi-disease classification, facilitating cross-disease diagnostics, guiding neuromodulation
interventions, and enabling Al-based analyses targeting specific clinical problems.
Keywords: major depressive disorder (MDD); DIRECT Consortium; REST-meta-MDD Dataset; R-fMRI;

neuroimaging; open science
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Dataset Profile

Title

REST-meta-MDD database

Data corresponding author

YAN Chagan (yancg@tsinghua.edu.cn)

Data authors

YAN Chaogan, CHEN Xiao, LI Le, CASTELLANOS Francisco Xavier, BAI Tongjian, BO
Qijjing, CAO Jun, CHEN Guanmao, CHEN Ningxuan, CHEN Wei, CHENG Chang,
CHENG Yugqi, CUI Xilong, DUAN Jia, FANG Yiru, GONG Qiyong, GUO Wenbin, HOU
Zhenghua, HU Lan, KUANG Li, LI Feng, LI Tao, LIU Yansong, LIU Zhening, LONG
Yicheng, LUO Qinghua, MENG Huaqing, PENG Daihui, QIU Haitang, QIU Jiang, SHEN
Yuedi, SHI Yushu, TANG Yanqing, WANG Chuanyue, WANG Fei, WANG Kai, WANG
Li, WANG Xiang, WANG Ying, WU Xiaoping, WU Xinran, XIE Chunming, XIE
Guangrong, XIE Haiyan, XIE Peng, XU Xiufeng, YANG Hong, YANG Jian, YAO Jiashu,
YAO Shugiao, YIN Yingying, YUAN Yonggui, ZHANG Aixia, ZHANG Hong, ZHANG
Kerang, ZHANG Lei, ZHANG Zhijun, ZHOU Rubai, ZHOU Yiting, ZHU Junjuan, ZOU
Chaojie, SI Tianmei, ZUO Xinian, ZHAO Jingping, ZANG Yufeng

Time range 2017-2019
Collection scope China
Data volume 107.58 GB

Data format

* zip, *.nil.gz, *.tsv, *.tif, *.hdr, *.txt

Data service system

https://doi.org/10.57760/sciencedb.000115.00013

Database composition

The REST-meta-MDD database comprises resting-state functional magnetic resonance
imaging (R-fMRI) data from 1,300 patients with depressive disorder and 1,128 healthy
controls. The database consists of three major components as follows. 1. DIRECT REST-
meta-MDD Data Use Agreement.pdf specifies the data use agreement, detailing the terms
and conditions for data access, usage, and citation. 2. REST-meta-MDD-Phase 1-
Sharing.zip, contains five subfolders: (1) Masks, namely the AutoMasks subfolder, storing
the automasks generated based on functional images, (2) PicturesForChkNormalization,
containing image files used to visually inspect the quality of spatial normalization, (3) QC:
including the quality control ratings for the resting-state functional (RawFunlmgQC.tsv) and
T1-weighted structural (RawT1ImgQC.tsv) images, (4) RealignParameter: storing the head
motion parameters for each participant, (5) Results: containing the R-fMRI indices,
including ALFF, fALFF, ReHo, VMHC, Degree Centrality, and ROI Signals. 3. REST-
meta-MDD-VBM-Phasel-Sharing.tar.gz includes voxel-based morphometry (VBM)
analysis results: (1) cl: Gray matter density in native space, (2) c¢2: White matter density in
native space, (3) c3: Cerebrospinal fluid density in native space, (4) wcl: Gray matter
density in MNI space, (5) wc2: White matter density in MNI space, (6) wc3: Cerebrospinal
fluid density in MNI space, (7) mwcl: Gray matter volume in MNI space, (8) mwc2: White
matter volume in MNI space, (9) mwe3: Cerebrospinal fluid volume density in MNI space,
and (10) u_rcl: Transformation from native space to the group template. Further details on

the data structure are available at: http://rfmri.org/REIMRIMapsDataSharingStructure.
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Appendix 1 Literature index of studies utilizing the REST-meta-MDD database (N=103)
(Data collection cut-off date: December 2, 2024)
Publication Research
Number Title Author Journal
Year Domains
Multivariate Machine Learning Analyses in Identification of Major Depressive
1 Shi et al. 2021 ACS chemical neuroscience Diagnosis
Disorder Using Resting-State Functional Connectivity: A Multicentral Study
Gene Expression has Distinct Associations with Brain Structure and Function in Neurobiological
2 Liu et al. 2023 Advanced Science
Major Depressive Disorder Heterogeneity
Functional plasticity abnormalities over the lifespan of first-episode patients with Neurobiological
3 Yang et al. 2021 Annals of Translational Medicine
major depressive disorder: a resting state fMRI study Heterogeneity
The alterations of brain functional connectivity networks in major depressive Neurobiological
4 Dai et al. 2022 Behavioural Brain Research
disorder detected by machine learning through multisite rs-fMRI data Heterogeneity
Capturing the Individual Deviations From Normative Models of Brain Structure for
5 Shao et al. 2024 Biological Psychiatry Subtyping
Depression Diagnosis and Treatment
Episodic Memory-Related Imaging Features as Valuable Biomarkers for the Biological Psychiatry Cognitive Methodological
6 Shi et al. 2023
Diagnosis of Alzheimer's Disease: A Multicenter Study Based on Machine Learning Neuroscience and Neuroimaging Innovation
Sex Determines Anterior Cingulate Cortex Cortical Thickness in the Course of Biological Psychiatry Global Open Neurobiological
7 Wau et al. 2024
Depression Science Heterogeneity
Fusing multi-scale fMRI features using a brain-inspired multi-channel graph neural Biomedical Signal Processing and
8 Liu et al. 2024 Diagnosis
network for major depressive disorder diagnosis Control
Impaired robust interhemispheric function integration of depressive brain from Neurobiological
9 Deng et al. 2022 Bipolar Disorders
REST-meta-MDD database in China Heterogeneity
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Publication Research
Number Title Author Journal
Year Domains
Al-based dimensional neuroimaging system for characterizing heterogeneity in brain
10 structure and function in major depressive disorder: COORDINATE-MDD Fuetal. 2023 BMC Psychiatry Diagnosis
consortium design and rationale
Gender differences in major depressive disorder at different ages: a REST-meta- Neurobiological
11 Tian et al. 2024 BMC Psychiatry
MDD project-based study Heterogeneity
Impaired topology and connectivity of grey matter structural networks in major Neurobiological
12 Long et al. 2024 Br J Psychiatry
depressive disorder: evidence from a multi-site neuroimaging data-set Heterogeneity
Gene expression and brain imaging association study reveals gene signatures in Neurobiological
13 Liu et al. 2024 Brain Communications
major depressive disorder Heterogeneity
Altered spatio-temporal state patterns for functional dynamics estimation in first- Neurobiological
14 Jing et al. 2022 Brain Imaging and Behavior
episode drug-naive major depression Heterogeneity
Gray matter volume and corresponding covariance connectivity are biomarkers for
15 Hu et al. 2024 Brain Research Diagnosis
major depressive disorder
Selecting Multiple Node Statistics Jointly from Functional Connectivity Networks for Multi-Disease
16 Zhang et al. 2022 Brain Topography
Brain Disorders Identification Diagnostics
Classification of major depressive disorder using an attention-guided unified deep
17 Gao et al. 2023 Cerebral Cortex Subtyping
convolutional neural network and individual structural covariance network
Maladaptive changes in delay discounting in males during the COVID-19 pandemic: Neurobiological
18 Xiao et al. 2022 Cerebral Cortex
the predictive role of functional connectome Heterogeneity
Sex differences of signal complexity at resting-state functional magnetic resonance Neurobiological
19 Zhao et al. 2024 Cognitive Neurodynamics
imaging and their associations with the estrogen-signaling pathway in the brain Heterogeneity
20 Transcriptomic decoding of regional cortical vulnerability to major depressive Zhu et al. 2024 Communications Biology Neurobiological
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Publication Research
Number Title Author Journal
Year Domains
disorder Heterogeneity
Classification of recurrent major depressive disorder using a residual denoising Computer Methods and Programs in
21 Dai et al. 2024 Subtyping
autoencoder framework: Insights from large-scale multisite fMRI data Biomedicine
MAMF-GCN: Multi-scale adaptive multi-channel fusion deep graph convolutional
22 Pan et al. 2022 Computers in Biology and Medicine Diagnosis
network for predicting mental disorder
Multi-view graph network learning framework for identification of major depressive
23 Zhang et al. 2023 Computers in Biology and Medicine Diagnosis
disorder
Effective hyper-connectivity network construction and learning: Application to major
24 Liu et al. 2024 Computers in Biology and Medicine Diagnosis
depressive disorder identification
Using graph convolutional network to characterize individuals with major depressive
25 Qin et al. 2022 EBioMedicine Diagnosis
disorder across multiple imaging sites
DepressionGraph: A Two-Channel Graph Neural Network for the Diagnosis of
26 Xia et al. 2023 Electronics Diagnosis
Major Depressive Disorders Using rs-fMRI
Age-Related Decrease in Default-Mode Network Functional Connectivity Is Neurobiological
27 Tang et al. 2022 Frontiers in Aging Neuroscience
Accelerated in Patients With Major Depressive Disorder Heterogeneity
The classification of brain network for major depressive disorder patients based on
28 Zhu et al. 2023 Frontiers in Human Neuroscience Diagnosis
deep graph convolutional neural network
Adaptive Multimodal Neuroimage Integration for Major Depression Disorder
29 Wang et al. 2022 Frontiers in Neuroinformatics Diagnosis
Detection
Distinct resting-state effective connectivity of large-scale networks in first-episode
Neurobiological
30 and recurrent major depression disorder: evidence from the REST-meta-MDD Zhu et al. 2023 Frontiers in Neuroscience
Heterogeneity

consortium

Hh E AR, 2025, 1004) |21



Csa\ TR EARE W /1: T DIRECT BKH 5 REST-meta-MDD $(#5 FE i) ST TH RIS
DERZRIR
Publication Research
Number Title Author Journal
Year Domains
31 Intelligent diagnosis of major depression disease based on multi-layer brain network Long et al. 2023 Frontiers in Neuroscience Diagnosis
Spatial-temporal data-augmentation-based functional brain network analysis for brain Methodological
32 Liu et al. 2023 Frontiers in Neuroscience
disorders identification Innovation
Multi-band network fusion for Alzheimer's disease identification with functional Multi-Disease
33 Guo et al. 2022 Frontiers in Psychiatry
MRI Diagnostics
Ensemble graph neural network model for classification of major depressive disorder | Venkatapath
34 2023 Frontiers in Psychiatry Subtyping
using whole-brain functional connectivity y etal.
Neurobiological
35 Age- and gender-related dispersion of brain networks across the lifespan Wang et al. 2023 GeroScience
Heterogeneity
Addressing multi-site functional MRI heterogeneity through dual -expert
36 Fang et al. 2023 Human Brain Mapping Diagnosis
collaborative learning for brain disease identification
Classification of MDD using a Transformer classifier with large-scale multisite
37 Dai et al. 2023 Human Brain Mapping Diagnosis
resting-state fMRI data
Compressed primary -to-transmodal gradient is accompanied with subcortical
Neurobiological
38 alterations and linked to neurotransmitters and cellular signatures in major depressive | Xiao et al. 2023 Human Brain Mapping
Heterogeneity
disorder
Evaluating test-retest reliability and sex-/age-related effects on temporal clustering Methodological
39 Long et al. 2023 Human Brain Mapping
coefficient of dynamic functional brain networks Innovation
Heterogeneous brain dynamic functional connectivity patterns in first-episode drug- Neurobiological
40 Jing et al. 2023 Human Brain Mapping
naive patients with major depressive disorder Heterogeneity
Unsupervised contrastive graph learning for resting-state functional MRI analysis and Methodological
41 Wang et al. 2023 Human Brain Mapping
brain disorder detection Innovation
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Publication Research
Number Title Author Journal
Year Domains
Classification of Adolescent Major Depressive Disorder Via Static and Dynamic IEEE Journal of Biomedical and Health Methodological
42 Sen et al. 2021
Connectivity Informatics Innovation
Multi-Level Functional Connectivity Fusion Classification Framework for Brain IEEE Journal of Biomedical and Health | Methodological
43 Liang et al. 2022
Disease Diagnosis Informatics Innovation
Enhancing Major Depressive Disorder Diagnosis With Dynamic-Static Fusion Graph IEEE Journal of Biomedical and Health Methodological
44 Zhao et al. 2024
Neural Networks Informatics Innovation
Graph Autoencoders for Embedding Learning in Brain Networks and Major Noman et IEEE Journal of Biomedical and Health Methodological
45 2024
Depressive Disorder Identification al. Informatics Innovation
Graph-Based Conditional Generative Adversarial Networks for Major Depressive IEEE Journal of Biomedical and Health Methodological
46 Oh et al. 2024
Disorder Diagnosis With Synthetic Functional Brain Network Generation Informatics Innovation
Spectral Graph Neural Network-Based Multi-Atlas Brain Network Fusion for Major IEEE journal of biomedical and Health Methodological
47 Lee et al. 2024
Depressive Disorder Diagnosis Informatics Innovation
Few-Shot Synthetic Online Transfer Learning for Cross-Site Neurological Disease IEEE Transactions on Computational Methodological
48 Pei et al. 2024
Diagnosis Social Systems Innovation
A Learnable Counter-Condition Analysis Framework for Functional Connectivity- Methodological
49 Kang et al. 2024 IEEE Transactions on Medical Imaging
Based Neurological Disorder Diagnosis Innovation
Multi-Scale Dynamic Graph Learning for Brain Disorder Detection With Functional IEEE Transactions on Neural Systems Methodological
50 Ma et al. 2023
MRI and Rehabilitation Engineering Innovation
Cross-Domain Identification of Multisite Major Depressive Disorder Using End-to- IEEE Transactions on Neural Systems Methodological
51 Yuan et al. 2024
End Brain Dynamic Attention Network and Rehabilitation Engineering Innovation
IEEE Transactions on Neural Systems Methodological
52 BrainNPT: Pre-Training Transformer Networks for Brain Network Classification Hu et al. 2024
and Rehabilitation Engineering Innovation
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Publication Research
Number Title Author Journal
Year Domains
Automated Diagnosis of Major Depressive Disorder With Multi-Modal MRIs Based IEEE Transactions on Neural Systems Methodological
53 Li et al. 2024
on Contrastive Learning: A Few-Shot Study and Rehabilitation Engineering Innovation
FC-HGNN: A heterogeneous graph neural network based on brain functional Methodological
54 Gu et al. 2025 Information Fusion
connectivity for mental disorder identification Innovation
Disrupted hemispheric connectivity specialization in patients with major depressive Neurobiological
55 Ding et al. 2021 Journal of Affective Disorders
disorder: Evidence from the REST-meta-MDD Project Heterogeneity
Neurobiological
56 Heterogeneous alterations in thalamic subfields in major depression disorder Hong et al. 2021 Journal of Affective Disorders
Heterogeneity
Sleep disturbance-related neuroimaging features as potential biomarkers for the
57 diagnosis of major depressive disorder: A multicenter study based on machine Shi et al. 2021 Journal of Affective Disorders Diagnosis
learning
Biotypes of major depressive disorder identified by a multiview clustering
58 Chen et al. 2023 Journal of Affective Disorders Subtyping
framework
Classification of recurrent major depressive disorder using a new time series feature
59 Dai et al. 2023 Journal of Affective Disorders Diagnosis
extraction method through multisite rs-fMRI data
Abnormal cortical-striatal-thalamic-cortical circuit centered on the thalamus in MDD Neurobiological
60 Sun et al. 2023 Journal of Affective Disorders
patients with somatic symptoms: Evidence from the REST-meta-MDD project Heterogeneity
Disrupted intrinsic functional brain network in patients with late-life depression: Neurobiological
61 Tan et al. 2023 Journal of Affective Disorders
Evidence from a multi-site dataset Heterogeneity
Normative modeling analysis reveals corpus callosum volume changes in early and Neurobiological
62 Wau et al. 2023 Journal of Affective Disorders
mid-to-late first episode major depression Heterogeneity
63 Understanding the heterogeneity of dynamic functional connectivity patterns in first- Lin et al. 2023 Journal of Affective Disorders Neurobiological
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Publication Research
Number Title Author Journal
Year Domains
episode drug naive depression using normative models Heterogeneity
Abnormal changes of dynamic topological characteristics in patients with major Neurobiological
64 Zhou et al. 2024 Journal of Affective Disorders
depressive disorder Heterogeneity
Distinct effects of first-episode and recurrent major depressive disorder on brain Neurobiological
65 Sun et al. 2024 Journal of Affective Disorders
changes related to suicidal ideation: Evidence from the REST-meta-MDD Project Heterogeneity
Individualized gray matter morphological abnormalities uncover two robust Multi-Disease
66 Fang et al. 2024 Journal of Affective Disorders
transdiagnostic biotypes Diagnostics
The Effect Analysis of Atlas and Global Signal Regression in Classification based on Journal of Imaging Science and
67 Long et al. 2022 Subtyping
Brain Network for Major Depression Disorders Technology
Classification of Major Depressive Disorder Based on Integrated Temporal and Journal of Magnetic Resonance
68 Gai et al. 2023 Subtyping
Spatial Functional MRI Variability Features of Dynamic Brain Network Imaging
An attention-based multi-modal MRI fusion model for major depressive disorder
69 Zheng et al. 2023 Journal of Neural Engineering Diagnosis
diagnosis
Linking inter-subject variability of cerebellar functional connectome to clinical Neurobiological
70 Lin et al. 2024 Journal of Psychiatric Research
symptoms in major depressive disorder Heterogeneity
Specificity-Aware Federated Graph Learning for Brain Disorder Analysis with Methodological
71 Zhang et al. 2024 Machine Learning in Medical Imaging
Functional MRI Innovation
Cross Atlas Remapping via Optimal Transport (CAROT): Creating connectomes for | Dadashkari Methodological
72 2023 Medical image analysis
different atlases when raw data is not available mi et al. Innovation
Unsupervised Cross-Domain Functional MRI Adaptation for Automated Major
73 Fang et al. 2023 Medical image analysis Diagnosis

Depressive Disorder Identification
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Publication Research
Number Title Author Journal
Year Domains
Disrupted intrinsic functional brain topology in patients with major depressive Neurobiological
74 Yang et al. 2021 Molecular Psychiatry
disorder Heterogeneity
Functional connectivity signatures of major depressive disorder: machine learning
75 Gallo et al. 2023 Molecular Psychiatry Subtyping
analysis of two multicenter neuroimaging studies
76 Neurophysiological stratification of major depressive disorder by distinct trajectories Chen et al. 2023 Nature Mental Health Subtyping
SLG-NET: Subgraph Neural Network with Local-Global Braingraph Feature
Methodological
77 Extraction Modules and a Novel Subgraph Generation Algorithm for Automated Zhang et al. 2024 Neural Information Processing
Innovation
Identification of Major Depressive Disorder
Preserving specificity in federated graph learning for fMRI-based neurological Methodological
78 Zhang et al. 2023 Neural Networks
disorder identification Innovation
CI-GNN: A Granger Causality-Inspired Graph Neural Network for Interpretable Methodological
79 Zheng et al. 2024 Neural Networks
Brain Network-Based Psychiatric Diagnosis Innovation
Multi-feature concatenation and multi-classifier stacking: An interpretable and
80 Luo et al. 2024 Neurolmage Diagnosis
generalizable machine learning method for MDD discrimination with rsfMRI
Multi-Disease
81 BPI-GNN: Interpretable brain network-based psychiatric diagnosis and subtyping Zheng et al. 2024 Neuroimage
Diagnostics
Altered resting-state dynamic functional brain networks in major depressive disorder: Neurobiological
82 Long et al. 2020 Neurolmage : Clinical
Findings from the REST-meta-MDD consortium Heterogeneity
Biotypes of major depressive disorder: Neuroimaging evidence from resting-state
83 Liang et al. 2020 Neurolmage : Clinical Subtyping
default mode network patterns
Reduced functional connectivity of default mode network subsystems in depression: Neurobiological
84 Tozzi et al. 2021 Neurolmage. Clinical
Meta-analytic evidence and relationship with trait rumination Heterogeneity
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Publication Research
Number Title Author Journal
Year Domains
Source-free collaborative domain adaptation via multi-perspective feature enrichment Methodological
85 Fang et al. 2025 Pattern Recognition
for functional MRI analysis Innovation
Reduced default mode network functional connectivity in patients with recurrent Neurobiological
86 Yan et al. 2019 PNAS
major depressive disorder Heterogeneity
Progress in Neuro-
Atypical dynamic network reconfiguration and genetic mechanisms in patients with Neurobiological
87 Xiao et al. 2024 Psychopharmacology and Biological
major depressive disorder Heterogeneity
Psychiatry
Dimensional subtyping of first-episode drug-naive major depressive disorder: A
88 Zhang et al. 2023 Psychiatry Research Subtyping
multisite resting-state fMRI study
Brain structural abnormalities in adult major depressive disorder revealed by voxel- Neurobiological
89 Wang et al. 2023 Psychological Medicine
and source-based morphometry: evidence from the REST-meta-MDD Consortium Heterogeneity
Altered topology of individual brain structural covariance networks in major Neurobiological
90 Ping et al. 2023 Psychological Medicine
depressive disorder Heterogeneity
Common and distinct functional brain network abnormalities in adolescent, early- Neurobiological
91 Long et al. 2024 Psychological Medicine
middle adult, and late adult major depressive disorders Heterogeneity
The DIRECT consortium and the REST-meta-MDD project: towards neuroimaging Methodological
92 Chen et al. 2022 Psychoradiology
biomarkers of major depressive disorder Innovation
Astrocyte dysfunction drives abnormal resting-state functional connectivity in Methodological
93 Liu et al. 2022 Science Advances
depression Innovation
Neuroimaging epicenters as potential sites of onset of the neuroanatomical pathology Methodological
94 Jiang et al. 2024 Science Advances
in schizophrenia Innovation
95 Small p values may not yield robust findings: an example using REST-meta-PD Jia et al. 2021 Science Bulletin Methodological
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Publication Research
Number Title Author Journal
Year Domains
Innovation
The power of many brains: Catalyzing neuropsychiatric discovery through open Methodological
96 Luetal 2024 Science Bulletin
neuroimaging data and large-scale collaboration Innovation
Methodological
97 Functional Connectome Prediction of Anxiety Related to the COVID-19 Pandemic He et al. 2021 The American Journal of Psychiatry
Innovation
Altered Effective Connectivity Among the Cerebellum and Cerebrum in Patients Neurobiological
98 Dai et al. 2022 The Cerebellum
with Major Depressive Disorder Using Multisite Resting-State fMRI Heterogeneity
Accelerated functional brain aging in major depressive disorder: evidence from a Neurobiological
99 Luo et al. 2022 Translational Psychiatry
large scale fMRI analysis of Chinese participants Heterogeneity
Reduced nucleus accumbens functional connectivity in reward network and default Neurobiological
100 Ding et al. 2022 Translational Psychiatry
mode network in patients with recurrent major depressive disorder Heterogeneity
Connectomics-based resting-state functional network alterations predict suicidality in Neurobiological
101 Wang et al. 2023 Translational Psychiatry
major depressive disorder Heterogeneity
102 Aberrant resting-state co-activation network dynamics in major depressive disorder Anetal. 2024 Translational Psychiatry Subtyping
Transcriptional patterns of amygdala functional connectivity in first-episode, drug- Neurobiological
103 Liu et al. 2024 Translational Psychiatry
naive major depressive disorder Heterogeneity
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